KYLE CRANMER

EXPERIENCE
David R. Anderson Director Data Science Institute, UW-Madison — 2022-Present
Professor of Physics with Affiliate Appointments in Computer Science & Statistics
Leads the Data Science Institute, a key to the university’s strategic initiative in data science.
Leads UW-Madison’s RISE-Al Headquarters

Visiting Scientist (while on sabbatical), FAIR (Facebook) / Meta Al — 2021-2022
Worked with Yann LeCun, Léon Bottou at FAIR / MetaAl focusing on self-supervised learning,
probabilistic & causal machine learning, and advising on Al for Science projects.

Visiting Junior Faculty, Institute for Advanced Study — 2018
Focusing on Al for Science: Lattice Field Theory & Simulation-Based Inference

Professor of Data Science, NYU — 2015-2022

Core member of the group that created the Center for Data Science at NYU.

Served as Executive Director of the Moore-Sloan Data Science Environment (2018-2022).
Member of Computational Intelligence, Vision, and Robotics (CILVR) Lab at NYU (2018-2022)

Assistant, Associate, Full Professor of Physics, NYU — 2007-2022

Initially focused on experimental particle physics at the Large Hadron Collider; established data
analysis and statistical techniques used for the discovery of the Higgs boson in 2012 (Nobel prize
in 2013). Received PECASE award from President Bush in 2007 for early work. Pivoted to Al/ML and
data science for physical sciences in 2014, while maintaining active research in particle physics.

EDUCATION
«  PhD Physics, University of Wisconsin—Madison — 2005
+ BAin Physics & Mathematics, Rice University — 1999

PUBLICATION HIGHLIGHTS
«  >1,200 publications with >344,000 citations (Google Scholar); h-index 239
«  9th highest citation of in google scholar for “Deep Learning” [link]
« 10 authors or less: 95 papers, >13,000 citations, [link]
»  Higgs discovery paper (1 of 9 core authors), 2012 — 24,000 citations [link]
«  Key paper that established statistical procedures for particle physics — >10,000 citations [link]
- Standard citation for Simulation-Based Inference in PNAS, 2020 — 1,000 citations [link]
« Machine learning and the physical sciences review, 2019 — 2,400 citations [link]

+ 1 papers with DeepMind on Al for field theory (inc. Nature review paper) — 570 citations [link]
« 2 papers with DeepMind on Al for dynamical systems- 760 citations [link, link]
« 1 paper with FAIR/Meta Al on Al for theoretical physics topics [link]


https://wp.nyu.edu/cilvr/
https://scholar.google.com/citations?hl=en&user=EZjSxgwAAAAJ
https://scholar.google.com/citations?view_op=search_authors&hl=en&mauthors=label:deep_learning
https://inspirehep.net/literature?sort=mostrecent&size=25&page=1&q=a%20K.S.Cranmer.1&author_count=10%20authors%20or%20less&ui-citation-summary=true
https://scholar.google.com/citations?view_op=view_citation&hl=en&user=EZjSxgwAAAAJ&citation_for_view=EZjSxgwAAAAJ:htymTVSHv1EC
https://scholar.google.com/citations?view_op=view_citation&hl=en&user=EZjSxgwAAAAJ&citation_for_view=EZjSxgwAAAAJ:eQOLeE2rZwMC
https://scholar.google.com/citations?view_op=view_citation&hl=en&user=EZjSxgwAAAAJ&cstart=200&pagesize=100&citation_for_view=EZjSxgwAAAAJ:MXm8BGOVr7kC
https://scholar.google.com/citations?view_op=view_citation&hl=en&user=EZjSxgwAAAAJ&cstart=20&pagesize=80&citation_for_view=EZjSxgwAAAAJ:cRWsBNo75DcC
https://inspirehep.net/literature?sort=mostrecent&size=25&page=1&q=a:cranmer%20and%20a:rezende&ui-citation-summary=true
https://proceedings.neurips.cc/paper/2020/hash/c9f2f917078bd2db12f23c3b413d9cba-Abstract.html
https://arxiv.org/abs/1909.12790
https://arxiv.org/abs/2405.06107

SPEAKING HIGHLIGHTS

Keynote speaker ADSA Data Science and Al Leadership Summit - 2025

Keynote speaker Helmholtz Al (Germany’s largest research organization) - 2024

Invited speaker Association for the Advancement of Artificial Intelligence (AAAI) workshop on
explainable Al - 2024

Invited speaker Al for Science workshop at NeurlPS - 2023

Keynote speaker Learning on Graphs — 2023

Hans Jensen memorial lecture, Heidelberg Graduate Days - 2023

Invited panelist for plenary panel at IEEE / CVF Computer Vision and Pattern Recognition
Conference (CVPR) [~10,000 registered] - 2023

Keynote speaker AISTATS conference - 2021

Sackler Colloquium, National Academy of Sciences - 2019

Keynote speaker NeurlPS conference [~6,000 registered] - 2016

PUBLIC ENGAGEMENT HIGHLIGHTS

18K twitter followers

Webby award for Crayfis citizen science project - 2015

NPR Here and Now - Dec 2015

TEDx Binghamton — 2013

Star Talk Radio with Neil deGrass Tyson and Bill Nye “the science guy” - 2012
Invited talk, Strata Conference, NYC 2011

Invited talk, Ideas Economy: information, Economist magazine — 2011

Guest on Charlie Rose News Hour - 2010

PROFESSIONAL SERVICE HIGHLIGHTS

Editor-in-Chief Machine Learning: Science and Technology (IOP Publishing) — 2022-present
Action Editor, Journal of Machine Learning Research (JMLR) — 2024-present

Member DOE Basic Needs Assessment for Al in high-energy physics — 2024

Member of the Particle Physics Project Prioritization Panel (P5) for NSF and DOE (responsible for
proposing funding priorities for ~$17B over the next 10 years) — 2023

Member of the High Energy Physics Advisory Panel (DOE FACA) — 2016-2019

Executive Director of Moore-Sloan Data Science Environment — 2018-2022

Co-founded Machine Learning for Physical Sciences workshop series at NeurlPS — 2017-present
Co-founded Hammers and Nails workshop series — 2017-present

Lead organizer of several international conferences and workshops with 100-600 participants

AWARDS

Inaugural Margot and Tom Pritzker Prize in for Al in Science Research Excellence, 2025
Breakthrough Prize in Fundamental Physics, 2025

Fellow of the American Physical Society, 2021

Kavli Frontiers of Science Fellow, 2018 & 2009

Visiting Junior Faculty, Institute for Advanced Study, 2018

Chaire Georges Lemaltre 2017, Université Catholique de Louvain, Belgium, 2017
Presidential Early Career Award for Science and Engineering - 2007


https://academicdatascience.org
https://ml4physicalsciences.github.io/2023/
https://indico.cern.ch/event/1202995/page/28411-previous-workshops

SELECTED PUBLICATIONS
Full list of > 1,100 publications with >310,000 citations (Google Scholar); h-index 231

Simulation-based Inference Methodology

The frontier of simulation-based inference

Kyle Cranmer (New York U., CCPP), Johann Brehmer (New York U., CCPP), Gilles Louppe (Liege U.)
e-Print: 1911.01429 [stat.ML]

DOI: 10.1073/pnas.1912789117

Published in: Proc.Nat.Acad.Sci. 117 (2020) 48, 30055-30062

Mining gold from implicit models to improve likelihood-free inference

Johann Brehmer (New York U.), Gilles Louppe (Liege U.), Juan Pavez (Santa Maria U., Valparaiso),
Kyle Cranmer (New York U.)

e-Print: 1805.12244 [stat.ML]

DOI: 10.1073/pnas.1915980117 (publication)

Published in: Proc.Nat.Acad.Sci. 117 (2020) 10, 5242-5249

Constraining Effective Field Theories with Machine Learning

Johann Brehmer (New York U.), Kyle Cranmer (New York U.), Gilles Louppe (Liege U.), Juan Pavez
(Santa Maria U., Valparaiso)

e-Print: 1805.00013 [hep-ph]

DOI: 10.1103/PhysRevLett.121.111801

Published in: Phys.Rev.Lett. 121 (2018) 11, 111801

A Guide to Constraining Effective Field Theories with Machine Learning

Johann Brehmer (New York U.), Kyle Cranmer (New York U.), Gilles Louppe (Liege U.), Juan Pavez
(Santa Maria U., Valparaiso)

e-Print: 1805.00020 [hep-ph]

DOI: 10.1103/PhysRevD.98.052004

Published in: Phys.Rev.D 98 (2018) 5, 052004

Likelihood-free inference with an improved cross-entropy estimator

Markus Stoye (Imperial Coll., London), Johann Brehmer (New York U., CCPP), Gilles Louppe (Liege
U.), Juan Pavez (Santa Maria U., Valparaiso), Kyle Cranmer (New York U., CCPP)

e-Print: 1808.00973 [stat.ML]

Published in: NeurlPS workshop on Machine Learning and Physical Sciences (2018)

Adversarial Variational Optimization of Non-Differentiable Simulators
Gilles Louppe, Joeri Hermans, Kyle Cranmer

e-Print: 17707.07113 [stat.ML]

Published in: PMLR 89:1438-1447, 2019

Unifying generative models and exact likelihood-free inference with conditional bijections
Kyle Cranmer (New York U.), Gilles Louppe (New York U.)
DOI: 10.5281/zenodo.198541

Generative Models: Normalizing Flows on Manifolds

Flows for simultaneous manifold learning and density estimation

Johann Brehmer, Kyle Cranmer

e-Print: 2003.13913 [stat.ML]

Published in Advances in Neural Information Processing Systems 33 (NeurlPS 2020)

Normalizing Flows on Tori and Spheres

Danilo Jimenez Rezende, George Papamakarios, Sebastien Racaniere, Michael S. Albergo, Gurtej
Kanwar et al.

e-Print: 2002.02428 [stat.ML]

Published in: International Conference on Machine Learning (ICML) 2020


https://scholar.google.com/citations?hl=en&user=EZjSxgwAAAAJ
https://inspirehep.net/literature/1763198
https://inspirehep.net/authors/1012846
https://inspirehep.net/institutions/909498
https://inspirehep.net/authors/1641015
https://inspirehep.net/institutions/909498
https://inspirehep.net/authors/1518565
https://inspirehep.net/institutions/902963
https://arxiv.org/abs/1911.01429
https://doi.org/10.1073/pnas.1912789117
https://inspirehep.net/literature/1675782
https://inspirehep.net/authors/1641015
https://inspirehep.net/institutions/903067
https://inspirehep.net/authors/1518565
https://inspirehep.net/institutions/902963
https://inspirehep.net/authors/2399136
https://inspirehep.net/institutions/904589
https://inspirehep.net/authors/1012846
https://inspirehep.net/institutions/903067
https://arxiv.org/abs/1805.12244
https://doi.org/10.1073/pnas.1915980117
https://inspirehep.net/literature/1670936
https://inspirehep.net/authors/1641015
https://inspirehep.net/institutions/903067
https://inspirehep.net/authors/1012846
https://inspirehep.net/institutions/903067
https://inspirehep.net/authors/1518565
https://inspirehep.net/institutions/902963
https://inspirehep.net/authors/2399136
https://inspirehep.net/institutions/904589
https://arxiv.org/abs/1805.00013
https://doi.org/10.1103/PhysRevLett.121.111801
https://inspirehep.net/literature/1670939
https://inspirehep.net/authors/1641015
https://inspirehep.net/institutions/903067
https://inspirehep.net/authors/1012846
https://inspirehep.net/institutions/903067
https://inspirehep.net/authors/1518565
https://inspirehep.net/institutions/902963
https://inspirehep.net/authors/2399136
https://inspirehep.net/institutions/904589
https://arxiv.org/abs/1805.00020
https://doi.org/10.1103/PhysRevD.98.052004
https://inspirehep.net/literature/1684960
https://inspirehep.net/authors/1063991
https://inspirehep.net/institutions/902868
https://inspirehep.net/authors/1641015
https://inspirehep.net/institutions/909498
https://inspirehep.net/authors/1518565
https://inspirehep.net/institutions/902963
https://inspirehep.net/institutions/902963
https://inspirehep.net/authors/2399136
https://inspirehep.net/institutions/904589
https://inspirehep.net/authors/1012846
https://inspirehep.net/institutions/909498
https://arxiv.org/abs/1808.00973
https://inspirehep.net/literature/1615703
https://inspirehep.net/authors/1518565
https://inspirehep.net/authors/1907166
https://inspirehep.net/authors/1012846
https://arxiv.org/abs/1707.07113
https://inspirehep.net/literature/1503115
https://inspirehep.net/authors/1012846
https://inspirehep.net/institutions/903067
https://inspirehep.net/authors/1518565
https://inspirehep.net/institutions/903067
https://doi.org/10.5281/zenodo.198541
https://inspirehep.net/literature/1789128
https://inspirehep.net/authors/1641015
https://inspirehep.net/authors/1012846
https://arxiv.org/abs/2003.13913
https://papers.nips.cc/paper/2020/hash/051928341be67dcba03f0e04104d9047-Abstract.html
https://inspirehep.net/literature/1779199
https://inspirehep.net/authors/1873694
https://inspirehep.net/authors/2563091
https://inspirehep.net/authors/1873693
https://inspirehep.net/authors/1866886
https://inspirehep.net/authors/1796339
https://inspirehep.net/authors/1796339
https://arxiv.org/abs/2002.02428

Al-Enhanced Sampling for Lattice Field Theory

Advances in machine-learning-based sampling motivated by lattice quantum chromodynamics
Kyle Cranmer (Wisconsin U., Madison), Gurtej Kanwar (Bern U.), Sebastien Racaniere (Unlisted, UK),
Danilo J. Rezende (Unlisted, UK), Phiala E. Shanahan (MIT, Cambridge, CTP and IAIFI, Cambridge)
e-Print: 2309.01156 [hep-lat]

DOI: 10.1038/s42254-023-00616-w

Published in: Nature Rev.Phys. 5 (2023) 9, 526-535

Flow-based sampling in the lattice Schwinger model at criticality

Michael S. Albergo (New York U., CCPP), Denis Boyda (Argonne, ALCF and MIT, Cambridge, CTP and
IAIFI, Cambridge), Kyle Cranmer (New York U., CCPP), Daniel C. Hackett (MIT, Cambridge, CTP and
Harvard U. and IAIFIl, Cambridge), Gurtej Kanwar (MIT, Cambridge, CTP and IAIFl, Cambridge and U.
Bern, AEC and Bern U.) et al.

e-Print: 220211712 [hep-lat]

DOI: 10.1103/PhysRevD.106.014514 (publication)

Published in: Phys.Rev.D 106 (2022) 1, 014514

Sampling using SU(N) gauge equivariant flows

Denis Boyda (MIT, Cambridge, CTP), Gurtej Kanwar (MIT, Cambridge, CTP), Sebastien Racaniere
(Unlisted, UK), Danilo Jimenez Rezende (Unlisted, UK), Michael S. Albergo (New York U., CCPP) et al.
e-Print: 2008.05456 [hep-lat]

DOI: 10.1103/PhysRevD.103.074504

Published in: Phys.Rev.D 103 (2021) 7, 074504

Flow-based sampling for multimodal distributions in lattice field theory

Daniel C. Hackett (MIT, Cambridge, CTP and IAIFI, Cambridge), Chung-Chun Hsieh (Taiwan, Natl.
Taiwan U.), Michael S. Albergo (New York U., CCPP), Denis Boyda (Argonne, ALCF and MIT,
Cambridge, CTP and IAIFI, Cambridge), Jiunn-Wei Chen (Taiwan, Natl. Taiwan U. and NCTS, Taipei)
e-Print: 2107.00734 [hep-lat]

Flow-based sampling for fermionic lattice field theories

Michael S. Albergo (New York U., CCPP), Gurtej Kanwar (MIT, Cambridge, CTP and IAIFI,
Cambridge), SA®©bastien RacaniA re (Unlisted, UK), Danilo J. Rezende (Unlisted, UK), Julian M. Urban
(U. Heidelberg, ITP) et al.

e-Print: 2106.05934 [hep-lat]

DOI: 10.1103/PhysRevD.104.114507 (publication)

Published in: Phys.Rev.D 104 (2021) 11, 114507

Introduction to Normalizing Flows for Lattice Field Theory

Michael S. Albergo (New York U.), Denis Boyda (MIT, Cambridge, CTP and IAIFI, Cambridge), Daniel
C. Hackett (MIT, Cambridge, CTP and IAIFI, Cambridge), Gurtej Kanwar (MIT, Cambridge, CTP and
IAIFI, Cambridge), Kyle Cranmer (New York U.) et al.

e-Print: 2101.08176 [hep-lat]

Equivariant flow-based sampling for lattice gauge theory

Gurtej Kanwar (MIT), Michael S. Albergo (New York U., CCPP), Denis Boyda (MIT), Kyle Cranmer (New
York U., CCPP), Daniel C. Hackett (MIT) et al.

e-Print: 2003.06413 [hep-lat]

DOI: 10.1103/PhysRevLett.125.121601

Published in: Phys.Rev.Lett. 125 (2020) 12, 121601

Al for Astrophysics

Neural simulation-based inference approach for characterizing the Galactic Center 1*-ray excess
Siddharth Mishra-Sharma (MIT, Cambridge, CTP and IAIFI, Cambridge and MIT, Cambridge, Dept.
Phys. and Harvard U. and New York U., CCPP and New York U.), Kyle Cranmer (New York U., CCPP)
e-Print: 2110.06931 [astro-ph.HE]

DOI: 10.1103/PhysRevD.105.063017 (publication)

Published in: Phys.Rev.D 105 (2022) 6, 063017

Semi-parametric y-ray modeling with Gaussian processes and variational inference
Siddharth Mishra-Sharma (New York U.), Kyle Cranmer (New York U.)

e-Print: 2010.10450 [astro-ph.HE]

Published in: Machine Learning and the Physical Sciences Workshop at NeurlPS 2020


https://inspirehep.net/literature/2693297
https://inspirehep.net/authors/1012846
https://inspirehep.net/institutions/903349
https://inspirehep.net/authors/1796339
https://inspirehep.net/institutions/902668
https://inspirehep.net/authors/1873693
https://inspirehep.net/institutions/912068
https://inspirehep.net/authors/1873694
https://inspirehep.net/institutions/912068
https://inspirehep.net/authors/1091403
https://inspirehep.net/institutions/1237813
https://inspirehep.net/institutions/1862936
https://arxiv.org/abs/2309.01156
https://doi.org/10.1038/s42254-023-00616-w
https://inspirehep.net/literature/2037638
https://inspirehep.net/authors/1866886
https://inspirehep.net/institutions/909498
https://inspirehep.net/authors/1283951
https://inspirehep.net/institutions/911571
https://inspirehep.net/institutions/1237813
https://inspirehep.net/institutions/1862936
https://inspirehep.net/authors/1012846
https://inspirehep.net/institutions/909498
https://inspirehep.net/authors/1631908
https://inspirehep.net/institutions/1237813
https://inspirehep.net/institutions/902835
https://inspirehep.net/institutions/1862936
https://inspirehep.net/authors/1796339
https://inspirehep.net/institutions/1237813
https://inspirehep.net/institutions/1862936
https://inspirehep.net/institutions/1124249
https://inspirehep.net/institutions/1124249
https://inspirehep.net/institutions/902668
https://arxiv.org/abs/2202.11712
https://doi.org/10.1103/PhysRevD.106.014514
https://inspirehep.net/literature/1811378
https://inspirehep.net/authors/1283951
https://inspirehep.net/institutions/1237813
https://inspirehep.net/authors/1796339
https://inspirehep.net/institutions/1237813
https://inspirehep.net/authors/1873693
https://inspirehep.net/institutions/912068
https://inspirehep.net/authors/1873694
https://inspirehep.net/institutions/912068
https://inspirehep.net/authors/1866886
https://inspirehep.net/institutions/909498
https://arxiv.org/abs/2008.05456
https://doi.org/10.1103/PhysRevD.103.074504
https://inspirehep.net/literature/1875561
https://inspirehep.net/authors/1631908
https://inspirehep.net/institutions/1237813
https://inspirehep.net/institutions/1862936
https://inspirehep.net/authors/1005458
https://inspirehep.net/institutions/904661
https://inspirehep.net/institutions/904661
https://inspirehep.net/authors/1866886
https://inspirehep.net/institutions/909498
https://inspirehep.net/authors/1283951
https://inspirehep.net/institutions/911571
https://inspirehep.net/institutions/1237813
https://inspirehep.net/institutions/1237813
https://inspirehep.net/institutions/1862936
https://inspirehep.net/authors/1013877
https://inspirehep.net/institutions/904661
https://inspirehep.net/institutions/909900
https://arxiv.org/abs/2107.00734
https://inspirehep.net/literature/1867962
https://inspirehep.net/authors/1866886
https://inspirehep.net/institutions/909498
https://inspirehep.net/authors/1796339
https://inspirehep.net/institutions/1237813
https://inspirehep.net/institutions/1862936
https://inspirehep.net/institutions/1862936
https://inspirehep.net/authors/1873693
https://inspirehep.net/institutions/912068
https://inspirehep.net/authors/1873694
https://inspirehep.net/institutions/912068
https://inspirehep.net/authors/1868983
https://inspirehep.net/institutions/1209215
https://arxiv.org/abs/2106.05934
https://doi.org/10.1103/PhysRevD.104.114507
https://inspirehep.net/literature/1842016
https://inspirehep.net/authors/1866886
https://inspirehep.net/institutions/903067
https://inspirehep.net/authors/1283951
https://inspirehep.net/institutions/1237813
https://inspirehep.net/institutions/1862936
https://inspirehep.net/authors/1631908
https://inspirehep.net/authors/1631908
https://inspirehep.net/institutions/1237813
https://inspirehep.net/institutions/1862936
https://inspirehep.net/authors/1796339
https://inspirehep.net/institutions/1237813
https://inspirehep.net/institutions/1862936
https://inspirehep.net/authors/1012846
https://inspirehep.net/institutions/903067
https://arxiv.org/abs/2101.08176
https://inspirehep.net/literature/1785309
https://inspirehep.net/authors/1796339
https://inspirehep.net/institutions/907455
https://inspirehep.net/authors/1866886
https://inspirehep.net/institutions/909498
https://inspirehep.net/authors/1283951
https://inspirehep.net/institutions/907455
https://inspirehep.net/authors/1012846
https://inspirehep.net/institutions/909498
https://inspirehep.net/institutions/909498
https://inspirehep.net/authors/1631908
https://inspirehep.net/institutions/907455
https://arxiv.org/abs/2003.06413
https://doi.org/10.1103/PhysRevLett.125.121601
https://inspirehep.net/literature/1944904
https://inspirehep.net/authors/1394493
https://inspirehep.net/institutions/1237813
https://inspirehep.net/institutions/1862936
https://inspirehep.net/institutions/1237814
https://inspirehep.net/institutions/1237814
https://inspirehep.net/institutions/902835
https://inspirehep.net/institutions/909498
https://inspirehep.net/institutions/903067
https://inspirehep.net/authors/1012846
https://inspirehep.net/institutions/909498
https://arxiv.org/abs/2110.06931
https://doi.org/10.1103/PhysRevD.105.063017
https://inspirehep.net/literature/1824092
https://inspirehep.net/authors/1394493
https://inspirehep.net/institutions/903067
https://inspirehep.net/authors/1012846
https://inspirehep.net/institutions/903067
https://arxiv.org/abs/2010.10450

Mining for Dark Matter Substructure: Inferring subhalo population properties from strong lenses
with machine learning

Johann Brehmer (New York U., CCPP and New York U. (main)), Siddharth Mishra-Sharma (New York
U., CCPP), Joeri Hermans (Liege U.), Gilles Louppe (Liege U.), Kyle Cranmer (New York U., CCPP and
New York U. (main))

e-Print: 1909.02005 [astro-ph.CO]

DOI: 10.3847/1538-4357/ab4c41 (publication)

Published in: Astrophys.J. 886 (2019) 1, 49

Sets, Graphs, and Trees: Al for or Inspired by Jet Physics

The Quantum Trellis: A classical algorithm for sampling the parton shower with interference effects
Sebastian Macaluso (New York U., CCPP), Kyle Cranmer (New York U., CCPP)

e-Print: 211212795 [hep-ph].

NeurlPS workshop on Machine Learning and Physical Sciences

Reframing Jet Physics with New Computational Methods

Kyle Cranmer (New York U.), Matthew Drnevich (New York U.), Sebastian Macaluso (New York U.),
Duccio Pappadopulo (New York U.)

e-Print: 210510512 [hep-ph]

DOI: 10.1051/epjconf/202125103059

Published in: EPJ Web Conf. 251 (2021), 03059

Exact and Approximate Hierarchical Clustering Using A*

Craig S. Greenberg (NIST, Boulder), Sebastian Macaluso (New York U., CCPP), Nicholas Monath
(Massachusetts U., Amherst), Avinava Dubey (Google Inc.), Patrick Flaherty

e-Print: 2104.07061 [cs.LG]

Published in: Proceedings of the Thirty-Seventh Conference on Uncertainty in Artificial Intelligence,
PMLR 161:2061-2071, 2021.

Hierarchical clustering in particle physics through reinforcement learning

Johann Brehmer (New York U.), Sebastian Macaluso (New York U.), Duccio Pappadopulo (New York
U.), Kyle Cranmer (New York U.)

e-Print: 2011.08191 [cs.Al]

Published in: NeurlPS workshop on Machine Learning and Physical Sciences (2020)

Data Structures & Algorithms for Exact Inference in Hierarchical Clustering

Craig S. Greenberg, Sebastian Macaluso, Nicholas Monath, Ji-Ah Lee, Patrick Flaherty et al.
e-Print: 2002.11661 [cs.DS]

Published in: AISTATS, 2021.

Secondary vertex finding in jets with neural networks

Jonathan Shlomi (Weizmann Inst.), Sanmay Ganguly (Weizmann Inst.), Eilam Gross (Weizmann Inst.),
Kyle Cranmer (New York U.), Yaron Lipman (Weizmann Inst.) et al.

e-Print: 2008.02831 [hep-ex]

DOI: 10.1140/epjc/s10052-021-09342-y

Published in: Eur.Phys.J.C 81 (2021) 6, 540

Set2Graph: Learning Graphs From Sets

Hadar Serviansky, Nimrod Segol, Jonathan Shlomi, Kyle Cranmer, Eilam Gross et al.
e-Print: 2002.08772 [cs.LG]

Published in: Advances in Neural Information Processing Systems, 2020

QCD-Aware Recursive Neural Networks for Jet Physics

Gilles Louppe (New York U.), Kyunghyun Cho (New York U.), Cyril Becot (New York U.), Kyle Cranmer
(New York U.)

e-Print: 1702.00748 [hep-ph]

DOI: 10.1007/JHEPO1(2019)057

Published in: JHEP 01 (2019), 057

Neural Message Passing for Jet Physics

Isaac Henrion, Kyle Cranmer, Joan Bruna, Kyunghyun Cho, Johann Brehmer, Gilles Louppe and
Gaspar Rochette
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High-Energy Physics - Software and Infrastructure

An implementation of neural simulation-based inference for parameter estimation in ATLAS
ATLAS Collaboration « Georges Aad (Marseille, CPPM) et al.
e-Print: 2412.01600 [hep-ex]

MadMiner: Machine learning-based inference for particle physics

Johann Brehmer (New York U., CCPP), Felix Kling (UC, Irvine and SLAC), Irina Espejo (New York U.,
CCPP), Kyle Cranmer (New York U., CCPP)

e-Print: 1907.10621 [hep-ph]

DOI: 10.1007/s41781-020-0035-2

Published in: Comput.Softw.Big Sci. 4 (2020) 1, 3

RECAST: Extending the Impact of Existing Analyses

Kyle Cranmer (New York U., CCPP), Itay Yavin (New York U., CCPP)
e-Print: 1010.2506 [hep-ex]

DOI: 10.1007/JHEP04(2011)038

Published in: JHEP 04 (2011), 038

The RooStats Project

Lorenzo Moneta (CERN), Kevin Belasco (Princeton U.), Kyle S. Cranmer (New York U.), S. Kreiss (New
York U.), Alfio Lazzaro (CERN) et al.

e-Print: 1009.1003 [physics.data-an]

DOI: 10.22323/1.093.0057

Published in: PoS ACAT2010 (2010), 057,

The ATLAS analysis architecture

ATLAS Collaboration « K.S. Cranmer (Brookhaven) for the collaboration.
DOI: 10.1016/j.nuclphysbps.2007.11.096

Published in: Nucl.Phys.B Proc.Suppl. 177-178 (2008), 126-130,

High-Energy Physics - Experiment (selected highlights)

Measurement of off-shell Higgs boson production in the H*— ZZ— 4¢ decay channel using a neural
simulation-based inference technique in 13 TeV pp collisions with the ATLAS detector

ATLAS Collaboration « Georges Aad (Marseille, CPPM) et al.

e-Print: 2412.01548 [hep-ex]

Efficient Search for New Physics Using Active Learning in the ATLAS Experiment
ATLAS Computing Activity Collaboration « Zubair Bhatti (New York U.) et al.

DOI: 10.1051/epjconf/202429509013

Published in: EPJ Web Conf. 295 (2024), 09013

Observation of a new particle in the search for the Standard Model Higgs boson with the ATLAS
detector at the LHC

ATLAS Collaboration « Georges Aad (Freiburg U.) et al.

e-Print: 1207.7214 [hep-ex]

DOI: 10.1016/j.physletb.2012.08.020

Published in: Phys.Lett.B 716 (2012), 1-29

Search for High Mass Resonances Decaying to Muon Pairs in vVs=1.96 TeV pp Collisions
CDF Collaboration « T. Aaltonen (Helsinki Inst. of Phys.) et al.

e-Print: 1101.4578 [hep-ex]

DOI: 10.1103/PhysRevLett.106.121801

Published in: Phys.Rev.Lett. 106 (2011), 121801

Higgs To Four Taus At ALEPH

ALEPH Collaboration « Kyle Cranmer (New York U.) for the collaboration.
e-Print: 1003.0705 [hep-ex]

DOI: 10.1007/JHEP05(2010)049

Published in: JHEP 05 (2010), 049
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